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. Introduction

The Al solutions developed for the use-cases of DAIsy have not been developed in isolation,
but through regular dialogues between the technical and clinical partners of DAIsy, and in
adherence to the Al governance and policies of the partner counties. The end-users, the Al-
based solutions created and the partners who created them, together form the Al ecosystem
for the clinical workflow. Alternatively, this ecosystem can be interpreted as the recovery
journey of the patients undergoing treatment for depression and eating disorders (EDs), as
illustrated in Error! Reference source not found..

Treatment planning/
treatment-response
prediction

Screening/
prevention

Fig- 1: Clinical workflow for managing depressive- and eating disorders. Alternatively, the patient-
Journey of patients who sought out treatment. (Inspired by Burger-Ghosh2025)

This report describes the collaboration between the international technical partners through
workshops and work-package (WP) meetings, and between technical and clinical partners
(including non-DAlsy project partners) through meetings of experts from both domains, and
activities which facilitated more communication between both domains.

ll. Al ecosystem in terms of patient pathway

In the real-world this pathway includes the initial step of awareness and intermediate steps of
all documentation and administration, waiting period of patient, insurance and billing, updating
of care plan of patient, follow-up, triggers and relapses. However, for simplicity we limited it to
steps involving the two direct end-users, patients and clinicians, in the most straightforward
scenario. This is why Fig-1 presents target patient demographics being identified via screening
(which includes self-identification) that leads then to being assessed by mental health experts
for intake.

1. Screening

The robot cartoon represents “Al” supporting the clinicians in analyzing data from the
demographics being screened for depression or EDs. Partners like MATERNA and Philips are
supporting this step through apps designed to provide tailored educational content to patients
and at-risk demographics that would help prevent the increasing severity of their respective
conditions. The DAIsy-DC app from OFFIS and Ascora is collecting clinical and environmental
data of consenting population, along with their responses to PHQ-9 questionnaires for
depression, to identify individuals with depressive symptoms who need immediate support
(Schroter et al. 2025).



2. Intake

The step “Intake” in this figure then summarizes the documentation and administrative tasks
of healthcare providers and scheduling into the single step of patient intake. This step too has
a “Al” solution component which can significantly reduce waiting times of patients by helping
the clinicians with their administrative burdens and scheduling. Within DAIsy MEDrecord and
Semlab are providing clinical partner at GGZ OB with such solutions. Fig- 2 and Fig- 3 show
the speech to text transcription, diarization and summarization provided by Semlab’s and
MEDrecord’s Al solutions respectively, for this DAlsy clinical partner. Vestel's Al solution is
aimed at supporting clinical partners at NP Brain hospital with such documentation tasks. It
also helps in emotion detection of the patients from recorded interviews or sessions between
patients and their attending clinicians.

semlab.nl BB %W

Psycholoog 3 Cliént Samenvatting Data extractie
Kennismaking Kennismaking
Oke, de opname staat aan. Welkom [PERSOON]. Zo heet je had ik Het gesprek tussen de psycholoog en de cliént is een intakegesprek waarin de cliént

om hulp komt voor haar eetproblemen. De cliént heeft last van eetbuien en heeft al
enige informatie opgezocht over eetstoornissen. Ze is hier gekomen omdat ze last
Ja, klopt. heeft van deze problemen en wil er vanaf. De psycholoog luistert naar de cliént en
vraagt gestructureerde vragen om meer te weten te komen over het ontstaan van
het probleem en hoe het zich ontwikkeld heeft. De cliént vertelt over hoe ze sinds
Een beetje wel, ja. haar studietijd last heeft van ongezonde eetgewoonten en hoe dit later leidde tot
eetbuien en braken. De psycholoog erkent dat de cliént last heeft van een

begrepen.

Vind je het spannend om hier te zijn?

Ja? = - peri P
eetstoornis en dat ze hier graag hulp bij wil. Het gesprek eindigt met een afspraak
Ja. voor een tweede gesprek waarin de cliént verder zal worden geholpen.
Kan ik me wel voorstellen. Wat vind je me namenspannend? -
. 2 Lijdensdruk

Ja, gewoon aan iemand ook mijn verhaal vertellen.

Het gesprek tussen de psycholoog en de cliénte is een begin van een therapie. De
psycholoog vraagt naar andere klachten die de cliénte als persoon heeft, maar richt
Ja, je zit nu tegenover een wildvreemde. Dan moet je eigenlijk hele zich specifiek op het eten, dat een lastig onderwerp is. De psycholoog wil eerst
specifiek over het eten praten en erkent dat het een moeilijk gesprek kan zijn. De
cliénte zal hierdoor een veilig en accepterend klimaat ervaren om over haar

Ja, daar ben ik ook wel een beetje bang voor. J ervaringen te praten.

Dat vind ik sowieso wel lastig om dingen te delen over mezelf.

gevoelige dingen voor jezelf vertellen.

Voedingspatroon

‘ Het gesprek tussen de psycholoog en de cliént focust op het eetpatroon van de

Ja. Hoe ben jij hier eigenlijk gekomen? Heb je jezelf aangemeld of heeft
iemand jou gestuurd die zich zorgen maakte?

Ja, ik heb uiteindelijk wel tegen een vriendin verteld waar ik dan last van

S cliént. De cliént geeft aan dat ze niet ontbijten, maar middags twee boterhammen
had. Wel echt een goede vriendin van me.

met pindakaas en banaan eten. Tussen middag en avond eten ze fruit, en's avonds
een normale portie aardappels, vlees en groenten. De cliént geeft ook aan dat ze
soms een eetbui hebben, maar dat dit vooral gebeurt als ze alleen thuis is, ongeveer
4-5 keer per week.

En die zei ook van ja, eigenlijk moet je wel of met iemand over praten of
toch wel hulp gaan zoeken.

Dus ik ben eigenlijk ook wel een beetje rond gaan kijken.
Ja, ik wil zelf ook wel van die eetbuien af. Dus daarvoor ben ik eigenlijk Eetbui
ook wel gekomen. Het gesprek tussen de psycholoog en de cliént gaat over het cliént's eetgedrag. De
cliént geeft toe dat hij vaak niet voor zichzelf eet en dat hij dan vaak een hele
verpakking leeg eet. Hij geeft voorbeelden van zijn eetgedrag, zoals het eten van
Ja. chocola, ijs en chips. De psycholoog vraagt zich af of de cliént ook andere manieren
heeft om zijn eetlust te stillen, maar de cliént geeft aan dat hij dat niet doet. Het
gesprek geeft een inzicht in het cliént's eetgedrag en zijn moeilijkheden om zichzelf
te controleren.

Ja, dus daar maak je ook wel zorgen om.

Ik las inderdaad in jou, je hebt de vragenlijst ingevuld. Dus daar heb ik al
wel een paar dingen gezien waar je last van hebt.

Dus die eetbuien inderdaad, sporten. Daar ga ik zo meteen ook hele
Camnencatisnadran

Fig- 2: Screenshot from a demo of Semlab’s intake interview transcription and documentation solution.
Demo available at https://daisy-demo.semlab.nl/demo.




Eetstoornis - Intakerapport *

Behandelaar 00:00:01

Ja, de opname start. Welkor terug, Wieb. Ja, dankjewel. Hoe heb je het volgesprek ervaren? Het is nu zo twee
weken geleden, denk ik, ongeveer.

Spreker B 00:00:12
Ja, ik vond het wel gek ofzo om er zo over te praten, dat het zo mijn eetprobleem werd uitgegroot. Vooral omdat ik
er dus ook niet echt met anderen over had gepraat. Ja, ik heb er ook wel veel over nagedacht en uiteindelijk heb ik
het ook wel aan mijn huisgenoten verteld, want dat had ik nog niet gedaan.

Behandelaar 00:00:29

Nee.

Spreker B 00:00:30

© 0 u 40 minuten “ & 32

i Introductie

De cliént s een 25-jarige vrouw die na een verwizing van haar coaches een over geestelije id heeft

vanwege zorgen over haar eetpatroon en gewicht in relatie tot roeiprestaties. Ze stemde in met de sessie en opname en uitte haar
nieuwsgierigheid naar de vraag of haar gedrag op een Klinisch probleem zou kunnen duiden. Ze is een volwassene die voor het eerst hulp
z0ekt, gemotiveerd door intene conflicten in plaats van acute nood. Haar belangrijkste reden voor verwijzing was de observatie van haar
coaches dat haar voeding de atletische prestaties wat haar ertoe te of dit deel uitmaakte van een
groter patroon.

i Dieet En Compensatiegedrag

Ze rapporteert inconsistente eetgewoonten, soms het eten van een appel en soms niet, zonder regelmatige maaltijdstructuur. Ze meldt
geen braken, laxeermiddelgebruik of eetbuien. Ze vermijdt bepaald voedsel en is bezig met wat ze eet, maar ontkent significante
beperking of vasten. Ze is niet opzettelijk afgevallen, hoewel ze zich bewust is van ondergewicht en koude intolerantie en blauwe lippen

ervaart.
Dat ik hier op gesprek ben geweest. Dus dat... Ja, het is wel fijn dat die het nu ook weten.
Behandelaar 00:00:35 i Gewicht

Dat was wel fijn voor je dus De cliént heeft

. zoals blijkt uit haar koud
gewichtsmetingen of BMI gerapporteerd. Ze erkent dat ze niet genoeg eet, maar rationaliseert het als gunstig voor haar sport. Er wordt
geen formel of medisch beschreven

blauwe lippen, vooral na het roeien. Ze heeft geen specifieke

Spreker B 00:00:37

Ja. Ja, ze reageerden wel gewoon lief en eentje een beetje geschrokken, waar ik dan ook wel weer een beetje van
schrok. De andere wel gewoon van, oh ja, oké. En ja, ook voor wat zi kon doen met dat, ik noemde wel het, zij ook
0f ja, dat zei ik niet zo, maar dat ze ook met dat gezonde eten bezig zijn. En dat proberen ze nu wel op te letten, dat i Lichaamsbeeld

Ze beschrijt niet expliciet ontevredenheid over het lichaam, maar koppelt haar eetgedrag aan atletische prestaties en zegt dat het haar
helpt bij het roeien. Ze is zich bewust van een intern conflct tussen het zien van haar gewoonten als schadelik versus functioneel. Ze
rapporteert geen spiegelcontrole of lichaamsvermilding, maar haar focus op voedsel en controle suggereert onderliggende
lichaamsgerelateerde zorgen die verband houden met prestaties in plaats van uiterlijk

b o @

Fig- 3: Screenshot from a Eating disorder intake implemented in collaboration with Oost Brabant.
Available live at app.ggzoostbrabant.healthtalk.ai

3. Diagnosis

In the next step of Fig- 1, named ‘Diagnosis’ the clinical, physiological, and demographic
information of patients together with their respective filled out questionnaires are analyzed by
the clinical team to come to a formal diagnosis. An Al-based solution here handles secure
storage of these patient data on a dedicated cloud and supports the attending clinicians in
diagnostic decisions. For example, ARD group’s MRI viewer (Fig- 4) helps the clinical partners
at NP Brain Hospital see the regions of interests from the structural MRI of a patient’s brain
that are biomarkers of depression, helping them in their diagnosis of unipolar vs bipolar
depression. The LLM-based solutions from MEDrecord and Semlab can also be extended to
support the clinicians with diagnostic decisions.
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Fig- 4: ARD group’s MRI viewer.

4. Treatment-planning/ Shared decision-making

llama3:8b

Llama3:8b

Zusammenfassung:

Das Dokument "nvi-005p_S3 Unipolare Depression 2022-10.pdf" behandelt die Absetzung von
Antidep a bei Dep onen.

erfolgen solite, da zu Bes erden filhren kann. Stattdessen empfiehit es sich, das
Medikament in kleinen Schritten abzusetzen und regelméfRig Arztbesuche zu vereinbaren. Es

wird auch darauf hing en, ichtig ist, dass Sie wieder die vorherige Dosis erhalten,

wenn Absetzbeschwerden auftreten. Ferner wird betont, dass ein langsames Ausschleichen

empfehlenswert ist, insbesondere wenn die Depression seit mindestens mehreren Monaten
vorbei ist und eine langere Beha g mit de ide; sivum endet. Es gibt keine Studien
darilber, wie man Anti besten absetzt, aber aufgrund ihrer Erfahrung empfehlen

Fachleute unterschiedliche Vorgehensweisen.

Fig- 5: Screenshot of therapist-assistant developed by MATERNA. This allows therapists quick access
to relevant literature during interviews with patients.

In this step of the clinical workflow Al-based solutions facilitate the clinicians in creating a
trustworthy, shared care-plan together with the respective patient party. Within DAIlsy this
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clinical decision-making solutions have been developed by TU/e, ARD group and AMC, for ED
and depression. The Al solution from MATERNA support this shared decision making from a
different perspective, by enabling the attending therapist to be more “in the moment” with the
patient during a session (Fig- 5). They do so by facilitating quick access of the clinicians to
reliable literature relevant for the patient with whom they are in session.

5. Treatment-response monitoring

= Fitsprite Nutrition

1h ago

Last week, you walked faster than this
week. 1h ago
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5h ago

Last week, you walked longer than this
week.
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week.
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Fig- 6: Screenshot of notifications from the insight
generator developed by 5M Software's Fitsprite
Nutrition.

The subsequent step of this patient journey
map (clinical workflow), referred to as
“treatment monitoring” in Fig- 1, is monitoring
how the patients are responding to their
respective prescribed care-plans. This is often
done via a patient app. In DAIsy this solution is
primarily supported by 5M Software, OFFIS,
and Ascora. For example, as seen in Fig- 6, 5M
Software’s Fitsprite Nutrition shares
personalized insights of patients with them.

On the clinician end there is a web app
managing the patient data, including their
treatment plan and their response to it, which
is supported by Ascora. The models developed
by AMC (Fig- 7) are directed towards prediction
of personalized response to different treatment
of depression, using the fMRI data of patients
at follow-ups(Chen et al. 2025; Poirot et al.
2024). A MSc. Thesis was carried out by TU/e
student which focused on prediction of
treatment-response of hospitalized Anorexia
Nervosa (a type of ED) patients, using
demographic and clinical variables
(biomarkers found in blood).
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Fig- 7: Comparison of unimodal vs multi-modal models for prediction of treatment-response, from (Poirot
et al. 2024) (AMC).

Similarly, Vestel's NOIRA BAND app helps patients at clinical partner NP Brain hospital, to
track their vitals (pulse, O, saturation, heart rate, ECG), sleep patterns, activities, food and
water intake, and their mood.
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Fig- 8: Screenshots from Vestel's NOIRA BAND app, available in regional language (Turkish).



6. End of treatment/ discharge of patients

The end of clinical workflow with respect to a patient generally does not coincide with the
timepoint of them being discharged or end of their treatment, as it involves follow-ups to review
adherence of patients to their prescribed care plan beyond their treatment journey and
discharge. However, for simplicity, in Fig- 1 we jump to the discharge step as the end-point.
Hence the intermediate of “treatment monitoring” and “discharge” steps should be interpreted
as timepoints encapsulating the hidden steps of follow-ups for review and revising of care
plans, relapses, restarting of treatment due to relapses. The discharge step also includes high
level of administrative burden including billing and insurance, possible home care. The Al-
solutions from MEDrecord, Semlab, Ascora, MATERNA and Vestel help reduce this burden
for the clinicians.

The trustworthiness of Al-based solutions among clinicians increases with the level of
explainability of the model (which is at the backend of the presented solution), be it for
screening, diagnosis, treatment planning or monitoring (Byeon 2023; Joyce et al. 2023; de
Oliveira et al. 2025; Starke et al. 2022). The DAlIsy WP4 partners are creating solutions tailored
towards regional needs by providing large language model based solutions that cate to Dutch,
German and Turkish languages.

lll. Ecosystem between the partners developing
Al solutions

This ecosystem includes the WP4 partners but naturally goes beyond that. This section
describes the biweekly and monthly meetings of the WP4 partners, hereafter referred to as
regular meetings, and the WP4 workshops.

1. Regular meetings

These contributed not only to technical knowledge exchange between partners, but also
provided all involved partners an overview of what other partners have been working on.
During each of the biweekly meetings between May-September 2024, two partners
presented their ongoing work. This was followed by a lively Q&A session, where other WP4
partners could get further insights into the work of the presenting partners. These meetings
have been recorded on Microsoft Teams, and uploaded on the dedicated meetings
directory of the DAIsy WP4 channel.

Based on these presentation meetings synergistic working groups were created among the
partners to achieve the goals illustrated in the flowchart in Fig- 9.
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Fig- 9: Motivation for creation of working groups within WP4.

The working groups were divided into three broad themes, comprising of the partners
contributing to WP4, as seen in Fig- 10. The themes of the working-groups are explained
below:

a.

Language models: Comprising of partners using Large Language Models (LLMs) like
Whisper from Open Al and last-gen NLP models. Involved partners have been addressing
all or some of the following objectives: Speech-to-text, Diarization and summarization,
speech emotion detection, and extraction of relevant texts from reliable academic
resources. These help in reduction of administrative burden of the clinicians, they allow
clinicians to be more in the moment with the patients during their sessions, and provide
clinicians quick and easy access to relevant clinical knowledge from trustworthy sources.
Mobile and web apps: This theme focuses on integration of different machine learning
models and data analytic tools into mobile and web applications, for easy visualization of
data and meta-data, and help in monitoring of patient’s journey to recovery. While its theme
is to integrate Al solutions in mobile platforms for patients and web platforms for clinicians,
it also forms a bridge between WP4 and WP5.

Quantitative modelling: The theme focuses on development and application of quantitative
models, i.e., computational models that are not language models. These include different
machine learning models, including deep learning models for image and signal data.

It should be noted that partners associated with a working group could be contributing to other
working groups as well. For example, 5M Software is part of the Mobile apps group because
the solution they develop is in the form of a mobile app, FitSprite. However, the food-
identification tool of this app is built on a convolutional neural network model, which is also part
of Quantitative models. For similar reasons, OFFIS is associated with both Quantitative model
and Mobile and Web apps groups.

2. DAlsy WP4 workshop-1

Eindhoven: On 16™ October 2024 at the TU Eindhoven campus, the first WP4 workshop
was organized. It marked the first hybrid working session of the individual partners as
working groups shown in Fig- 10.
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Fig- 10: Working-groups of WP4, themes and partners.

This grouping was made based on the availability of partner representatives for the break-out
room brainstorming sessions.

The workshop comprised of a two-part brainstorming session within each of the
aforementioned groups. During the first part, the partners within a working-group had to identify
overlaps in their applications, challenges, and define common objective(s) of their group.
During the second part, the partners had to strategize how to achieve at least one of the
common objectives defined in the first part of the brainstorming session. The workshop
concluded with a short presentation from each of the three groups, where they presented their
common challenges and objectives, as explained below.

a. Language models:

Common objectives:

(i) Distill information to experts.

(ii) Search from general information sources.

(iii) Generate response for different roles (clinical expert vs patient).
(iv) Keep patient engaged in the therapy program.

Common challenges:

(i) Availability of in-domain data.

(ii) Defining the appropriate evaluation metrices and dimensions to assess what a good
summary is, what the correct language is, and whether a generated answer is
complete and grounded.

(iii) Efficient performance evaluation according to those metrics.

(iv) Large resource consumption when using cutting-edge LLMs.

(v) Re-using learnings in a fast paced field where a new(er) LLM is being introduced
almost every other week.

11



b. Mobile and web apps.

P
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Fig- 11: Common objectives schematic presented by Mobile and web apps group

This working group presented four common blocks, that are interconnected as shown in Fig-
11: patient app, therapist dashboard, both connected to server backend which gets its input
from third party services that collects data and integrates with EMR and HIS. These are
supplemented by data integrity assurance.

c. Quantitative models:

Quantitative mOdelS Eggc(tji:tr;alNlRSdata
* Depression
* Challenges :

» Functional MRl data 1 S
o Data scarcity » Profiling of HCs to identify different severity of H . . .
o Uncertainty in Data patients (with Normative modelling) .. :
3 * Treatment-response prediction g «--!
Data heterogeneit : per e
“ 8 y * Major depressive disorder ! ’ “ Sl
. . I AmsterdomUMC |
* Common objectives : i Y
|
o Resolve above challenges ,\g@ : !
o Extractand poolin knowledge such %Q,‘Z == L TU/e
as disease-specific biomarkers ARDGRUP
o Understand the different «  Structural MRI data 00 . Trrzecljti::rltie;r:-response
prototypical healthy controls and + Profiling of HCs to identify different patient gatient Feilifg
patients groups (with Normative modelling) B

* Tabular data

* Unipolar vs bipolar depression - Eating disorder

Fig- 12: Common and complementary challenges and objectives presented by Quantitative modelling group.

This group presented their common challenges and objectives, as shown in Fig- 12. As the
partners found challenges that were not entirely overlapping across all of them, these were
colour-coded to denote for which partner(s) these posed significant hindrances.
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3. DAIsy WP4 workshop-2

Bremen: On 215t May 2025 WP4 had the 2™ iteration of its technical workshop at OFFIS,
Bremen. This workshop comprised of revisiting the previously discussed challenges, and
how each partner has dealt with these.

Within the quantitative modelling group the partners shared the technical solutions they
themselves used to overcome a hurdle, along with those that they are aware of and they
suspect could address some of the challenges being faced by the other partners.

A key theme within the Language Models working group was the scarcity of quality data
for model development, and highlighted challenges related to this, including dataset quality
and difference in languages. They also discussed the use of different APIs and integration
methods, how to make models more transparent and interpretable for end-users.
Participants discussed how the developed tools and models would be applied in real-world
scenarios, following their application in the planned use cases.

V. Ecosystem bringing together experts of Al and
eating disorder domains

To form an ecosystem where experts and interested parties of two or more complementary
domains can come together, establishing of common language is of utmost importance.
Expert-meetings, workshops, and publications that help in bridging the knowledge-gap are
some activities that can help achieve this.

1. Meeting of Al and Eating Disorder experts
On 13" September 2024, TU Eindhoven hosted a whole-day meeting and brainstorming
session between experts from Al and eating disorder (ED) domains, along with experts on
Ethics of Al for human applications. During the event, invited experts presented a 10 minute
pitch of their expertise, research interests, and what they hoped to gain from the meeting.
Thereafter the experts were divided into two groups, comprising of the same proportions
of ED, Al, and Ethics of Al experts, and were led to two separate break-out rooms. In each
break-out room the clinical experts explained what they expect from Al experts, what
resources they can provide, and their limitations (in terms of availability and accessibility
of data, computing resources, etc.). The Al experts answered the realistic possibilities
given the constraints mentioned by the clinical experts. The discussion proceeded with Al
experts questioning the eating disorder experts about what would make a developed Al
solution trustworthy and reliable for the latter. The experts on Ethics of Al presented critical
design aspects of Al solutions that both Al experts and ED experts who want to use these
solutions need to bear in mind. The discussion also brought to light that while academic Al
researchers will adhere to the clinical trials and Al governance regulations, the bar is much
lower for commercial Al solutions. This is because these solutions are not focused on
healthcare and therefore do not require to adhere to all the safety and security regulations
that a dedicated medical device (including software solutions) requires. However, in reality,
despite the lack of scrutiny that is required for any medical device, the commercial general
purpose Al solutions in the market are often used by the patient population for managing
different aspects of their health and diseases. Academic Al researchers cannot compete
with this, not only due to financial resources, but also due to the easy accessibility of the
general purpose, less scrutinized, fast developing alternative solutions from industry, and
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the low Al-literacy of the end-users of these solutions. A qualitative paper presenting the
results achieved in this symposium is currently being prepared for submission (named
"Artificial Intelligence in Eating Disorder Treatment: A Qualitative Analysis of Clinical
Opportunities, Barriers, and Ethical Considerations from Multi-Disciplinary Focus Groups")
to International Journal of Eating Disorders.

Invitation to write a commentary article for International Journal of
Eating Disorder (IJED)

Invitation by the Chief-Editor of the IUED, Prof. Ruth Weismann, to write a commentary on
Deaken University's Eating Disorder expert, Dr. Linardon's article ‘Using Artificial
Intelligence to Advance Eating Disorder Research, Treatment and Practice’ (Linardon and
Fuller-Tyszkiewicz 2025). TU/e and GGz Oost-Brabant representatives accepted this
invitation to address the knowledge gap between the Al and ED domains respectively.
Even though the invitation was to two authors, all of the WP4 partners of DAlsy supported
the contribution by engaging in constructive Q&A with the authors about what constitutes
fairness in Al solutions, and how much does open access resources correlate with fair and
reliability of these tools. While working on the commentary the authors came across
evidence of the crucial need for Al literacy for its end-users, as was also discussed in the
meeting of Al and ED experts in September 2024. This commentary article(Burger and
Ghosh 2025), published on 15™ April 2025, marks an important milestone for DAIsy.

Treatment planning/
treatment-response
prediction

Screening/ Intake & Disch
prevention ntake & Discharge

Diagnosis }—»

Language models: To

-

Quantitative models: Time-series based or

Treatment monitoring |

Quantitative models: Statistical,

LLMs, (e.g.,

Languag

Statistical topic-
modelling, ML based
text-mining, NLP and
transformer-based
models (LLMs) to find
ED-related topics and

users on social media,

detect at-risk
individuals.

Quantitative models:

Rule-based models,
unsupervised ML
models applied

on survey data to
detect ED patterns,
risk scoring at the
general practitioner.

ChatGPT, Claude, DeepSeek)
and NLP models for
administrative tasks, including
session summarization, note-
making, scheduling, generating
patient documents/overviews;
simplifying (discharge)
instructions for patients;
simplifying, explaining and
obtaining informed consent,
spotcompliance issues
(HIPAA/GDPR).

Quantitative models: Time-
series models for waitlist
management, predict no-shows,
forecast patient flow, planning
staff scheduling.

extractICD/DSM
codes or diagnoses
written by clinicians
from clinical notes,
flag potential
comorbidities.
Quantitative models:
Rule-based models,
supervised ML models
to detect ED diagnosis
based on
questionnaire input,
severity scoring and
subtyping.

Causal, or ML models; RNN/CNN
for high-dimensional,
unstructured data, for prediction
and forecasting, treatment
recommendations.

Language models: Data
extraction/ retrieval from clinical
notes; administrative purposes
such as session transcription,
summarization, role assignment
based on patient-clinician
conversation; quickly providing
clinician with relevant knowledge
from prior notes or published
clinical articles.

causal models to monitor and

evaluate patient's status, treatment
efficiency; early warning of relapse through
anomaly detection; CF for personalized
content recommendation (psycho-
education), activity monitoring; CNN or ViT-
based food recognition for personalized
insights.

Language models: Simple NLPs or
transformer-based chatbots to enquire and
record how patient is feeling, and to generate
personalized motivational messages for
patients; facilitate easier communication
with clinician; psycho-education for
personalized content recommendations and
to simply the text (LLM+CF), real-time
summaries for clinicians.

Fig- 13: Al Ecosystem in the clinical workflow for managing Eating disorders, from invited commentary
of DAlsy “All in the name of Artificial Intelligence.”

the international community of ED experts reaching out to DAIsy and WP4 responding to
it promptly. Through this DAlsy WP4 not only could share the knowledge its partners
pooled in, but also paved the way for finding potential new collaborators to continue
working with, beyond DAlsy. This paper illustrates the Al ecosystem for the clinical
management of ED, in terms of the different types of Al solutions at different points of the
clinical workflow as illustrated in Fig- 13 (which inspired Fig- 1 of this document).
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